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Fact checking – what is it?
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Fact checking – why is it important right now?
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Fact checking – why is it important right now?



Community Notes (X / Twitter, Meta / Facebook, TikTok)

Moderation process: 
(i) Pre-Moderation using AI classifiers: Restricted / blocked vs less harmful -> community moderation
(ii) Community Moderation: eligible volunteers propose additional context that undergoes peer review 
by other contributors with diverse perspectives before being published after a consensus is achieved

Augenstein et al. Community Moderation and the New Epistemology of Fact Checking on Social Media. CoRR, abs/2505.20067, May 2025. 

https://arxiv.org/abs/2505.20067


Community Notes (X / Twitter, Meta / Facebook, TikTok)



Relation between fact checking and community notes

Nadav Borenstein*, Greta Warren*, Desmond Elliott, Isabelle Augenstein. Can Community Notes Replace Professional Fact-Checkers? In Proceedings of 

the 63rd Annual Meeting of the Association for Computational Linguistics (ACL 2025), July 2025. 

https://arxiv.org/abs/2502.14132
https://arxiv.org/abs/2502.14132
https://arxiv.org/abs/2502.14132
https://2025.aclweb.org/


Community Notes – does it work?

https://fortune.com/2024/10/31/x-community-notes-fact-checks-us-election-misinformation/

• “Accurate notes correcting false and misleading claims about the U.S. elections were not displayed 

on 209 out of a sample of 283 posts deemed misleading — or 74%”
• “Misleading posts that did not display Community Notes even when they were available included 

false claims that the 2020 presidential election was stolen and that voting systems are 

unreliable”
• “In the cases where Community Notes were displayed, the original misleading posts received 13 

times more views than their accompanying notes”
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Community Notes – why does it not work?

• Only 11% of submitted notes reach ‘helpful’ status (i.e., shown to users) by 

achieving a cross-perspective

• Long time frame for notes to reach the algorithm’s required agreement level

(15.5 hours on average)

➢ False information has already spread

• No expertise needed to become notes contributor

• Reliance on subjective helpfulness rather than objective facts

• Inadequate support and guardrails regarding explicit content

➢ Key issues: speed, expertise, safety, adversarial attacks

Nadav Borenstein*, Greta Warren*, Desmond Elliott, Isabelle Augenstein. Can Community Notes Replace Professional Fact-Checkers? In Proceedings of 

the 63rd Annual Meeting of the Association for Computational Linguistics (ACL 2025), July 2025. 

https://arxiv.org/abs/2502.14132
https://arxiv.org/abs/2502.14132
https://arxiv.org/abs/2502.14132
https://2025.aclweb.org/


Community Notes: Recommendations

Augenstein et al. Community Moderation and the New Epistemology of Fact Checking on Social Media. CoRR, abs/2505.20067, May 2025. 

• Collaboration between community and experts

- Workload distribution (repetitive claims vs high-risk claims)

- Fact checkers as secondary reviewers of notes

- Community flagging checkworthy claims

• Collaboration between technology and the community

- Identify users likely to bring in diverse perspectives

- Fusing community notes

- Simulating crowd with AI agents (e.g. for sensitive content)

- Handle previously checked notes with AI models

https://arxiv.org/abs/2505.20067


Journalistic fact checking – how?
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Explainable automatic fact checking – how?
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Explainable automatic fact checking

Desiderata shaped by
AI developers & researchers

(Das et al., 2023)

Methods disconnected
from fact-checking practice

(Schlichtkrull et al., 2023)

Ineffective for fact-checkers 
& misleading for laypeople

(Schmitt et al., 2024; Lim et al., 2024)

13



Research Questions

How do fact-checkers explain their decisions and processes?

Where are explanations of automated fact-checking systems 
needed?

How can explanations of automated fact-checking systems 
address fact-checkers’ explanation needs?
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Greta Warren, Irina Shklovski, Isabelle Augenstein. Show Me the Work: Fact-Checkers' Requirements for Explainable 
Automated Fact-Checking. Conference on Human Factors in Computing Systems (CHI 2025), May 2025.

https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://chi2025.acm.org/


Method: Fact-checker interviews

Pre-interview 

questionnaire

60-minute

semi-structured 

interview

Bottom-up open coding 

→  selective codes 

→ Themes  
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10 interviews with fact-checkers in June & July 2024

5 women and 5 men from Europe, Africa, Asia, North America & South America

Greta Warren, Irina Shklovski, Isabelle Augenstein. Show Me the Work: Fact-Checkers' Requirements for Explainable 
Automated Fact-Checking. Conference on Human Factors in Computing Systems (CHI 2025), May 2025.

https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://chi2025.acm.org/


Design implications: Source quality

Primary sources are 
gold-standard
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Evidence quality, relevance and reliability must be assessed and 
explained alongside the verdict 

Account for biases & positionality 

of secondary sources



Design implications: Nuanced verdicts
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Explaining complex claims requires nuance beyond binary true or false verdicts

Pervasive misinformation 

often has a grain of truth

Detailed verdicts may be more 

effective & less polarising



Design implications: Show the work
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Explaining the pathway to the verdict is as important as the verdict itself

Greta Warren, Irina Shklovski, Isabelle Augenstein. Show Me the Work: Fact-Checkers' Requirements for Explainable 
Automated Fact-Checking. Conference on Human Factors in Computing Systems (CHI 2025), May 2025.

https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://arxiv.org/abs/2502.09083
https://chi2025.acm.org/


Show the work -> explaining sources of uncertainty
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Jingyi Sun, Greta Warren, Irina Shklovski, Isabelle Augenstein. Explaining Sources of Uncertainty in Automated Fact-Checking. 

CoRR, abs/2505.17855, May 2025. 

https://arxiv.org/abs/2505.17855
https://arxiv.org/abs/2505.17855
https://arxiv.org/abs/2505.17855
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Verifiable explanations
Issues with faithfulness and stability of feature attributions

Explaining uncertainty
Numerical percentages disconnected from human notions of 

uncertainty

Replicable explanations
Requires end-to-end fact-checking systems & alignment with fact-checker processes

Wrap-Up: Fact checkers needs vs. AI methods’ limitations
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HCI & AI research is needed to integrate automated fact-checking into fact-checkers processes

& ensure fact-checkers remain central

Aligning AI methods with fact-checker 
reasoning processes 

Providing human-centred, useful explanations 
tailored to context and expertise

Way forward: human-centered explainable fact checking
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Book recommendations



CopeNLU Lab



Thanks for your
attention! 

Questions?
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